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Overview of clothing image classification technology
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Hangzhou 310018, China)

Abstract: The development of clothing image classification technology has great influence on e
commerce. The precise clothing image classification technology not only can complete quantities of
automatic labeling tasks and reduce manpower cost, but also contributes to improving the efficiency of
clothing retrieval. Through collating domestic and foreign researches, this paper gives an overview of
technical frameworks clothing classification methods and analyses the differences, strengths, weaknesses,
application scenarios of clothing classification methods based on traditional image content and deep
learning. We also discuss the main problems and the possible development direction in future, which
provides some references for the researches of clothing classification. Meanwhile, the results show that
appropriate methods should be chosen for different types of classification tasks. For the classification tasks
with a small number of classification types and high discrimination, traditional image content method can
achieve higher accuracy, while deep learning is more suitable for the classification tasks with a large
number of classification types and low discrimination. In summary, the classification method based on deep
learning is of more validity and universality, and it is the main development direction in the future.
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