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int getAssit(int elefactor, List<TInteger> assitPowList, List<TInteger> assitTimeList) {

int assitresult=20;

for (int 1=0;1<assitPowList. size() ;1+ +){

assitresult += assitPowList. get(i) * assitTimeList. get(i) ;

}

return assitresult * elefactor;
}
//HUIRIE AT i B2 P A B HE i

int getLathe (int elefactor, List<Integer > startList, List<Integer > productList, List<Integer >

idleList) {

int latheresult=0;

for (int i=0; 1 <startList. size() ; i+-+) {

atheresult+ =startList. get(i) * startTime;
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for (int i=0; i <<productList. size() ; i++) {
latheresult+ = productList. get(i) * productTime;

}

for (int i=0; 1 <lidleList. size() ; i+-+) {

latheresult+ =idleList. get(i) * idleTime;

}

return latheresult * elefactor;
)
/AR BHURE 7 A 1 B FHE i i

int getMass(int elefactor,int prequlity,int aftqulity) {

return elefactor * (prequlity-aftqulity) ;
}
/ /¥ VI Rl HE T A

int getAdit(int aditfactor,int capcity.int cycleTime) {

return (capcity/cycleTime) * productTime * aditfactor;
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Research on the carbon footprint accounting of

product manufacturing process based on Hadoop
JIANG Xuyu', LI Renwang'?, FANG Xubin', CHEN Kunchang', JIA Jiangming'
(1. Faculty of Mechanical Engineering & Automation, Zhejiang Sci-Tech University, Hangzhou 310018, China;
2. Faculty of Mechanical & Automotive Engineering, Zhejiang University of
Science and Technology, Hangzhou 310023)

Abstract: In order to calculate the carbon footprint of the product manufacturing process accurately,
the Hadoop distributed storage technology was firstly applied to store product processing data. After pre-
processing of product real-time processing data required by carbon footprint accounting, the data were
stored in the distributed file system according to the required storage strategy, which solved the basic data
source problem of carbon footprint accounting. Then, MapReduce distributed computing was used as a
method of calculating carbon footprint. Accurate carbon emission accounting model was established
according to the carbon emission characteristics of each product processing stage, and then the model was
converted to MapReduce function to rapidly get carbon emission of manufacturing process. Finally, the
theory was applied to calculate carbon footprint in the rough turning stage of stepped shaft, which verified
feasibility of the proposed method.

Key words: carbon footprint accounting; HDFS; MapReduce; carbon emission
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