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Research on template matching tracking algorithm

based on local sparse representation
BAO Xiaoan, CHEN Lei , WAN Weiziang » ZHANG Junwei , GUI Jiangsheng
(School of Information Science and Technology ,» Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: In the target tracking process, when the target is sheltered excessively, moves fast is
deformed largely. the target deviation phenomenon will occur to local sparse representation tracking
algorithm(LLSRTA) in the target tracking process. To solve this problem, based on the LSRTA, the
template matching algorithm which combines surf, flann and knn algorithm was integrated, and a template
matching tracking algorithm(LSRTMTA) based on local sparse representation was proposed to solve the
target offset phenomenon. In the LSRTA tracking process, the offset is judged through calculating the
matching value of the new template and the current template. When the target is offset, the LSRTA
tracking stops. The target is repositioned by matching between the template and {rame image. When the
target position is determined, the LSRTA tracking starts again. Experimental results show that
LSRTMTA not only retains the advantages of LSRTA, but also has the function of automatic correction of
target offset, improve tracking effect and increases fault tolerance in the target tracking process.
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