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Fig.1 Flowchart of a SVM-double-weighted RKNN model
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Fig.2 Index system of influencing factors on Hanfu sales
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Tab. 11  Comparative experimental results of the SVM-double-weighted RKNN model
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k4 0.883 0 0.9157 0.883 0 0.893 9 0.848 6
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Fig.7 Flowchart of the SVM-improved double-weighted RKNN model
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Tab. 12  Classification performance of the SVM-improved
double-weighted RKNN model
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Fig.8 Training set for the ternary classification problem
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Tab. 13 Comparison experimental results of the SVM-improved

double-weighted RKNN model

A WEBIRI% KEHRI% HEFI%  Fl 55
SVM-ZUnA YIZdE 0.7875  0.7654  0.7875  0.773 1
RKNN Wik 0.7607  0.7146  0.7607 0.728 4
Bt 1 YIZEE 0.7839  0.7453  0.7839 0.748 4
AP WERME 0.7436  0.7025  0.7436  0.700 9
ek 2 JIZidE  0.7875  0.7654  0.7875 0.773 1
WCESE W 0.7607  0.7386  0.7607 0.7415
SVM-irit k4 0.8388  0.8438  0.8388 0.8307

XML RKNN  Jilik4E  0.7778  0.8349  0.7778 0.7858
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Abstract: As a traditional costume with China’ s national characteristics, Hanfu has become increasingly prevalent in
people’ s daily lives in recent years. In the development of the new Hanfu industry, the sale of Hanfu constitutes a
significant portion. Therefore, this article focuses on predicting the online sales of Hanfu, aiming to provide original Hanfu
brands with more future sales information through the forecast results.

First, this article gets the relevant data of Hanfu from Taobao, Douyin, Weibo and Baidu index platforms from
November 2023 to July 2024 through Python crawlers. Secondly, In addition to the basic attributes of Hanfu as a
commodity, indicators are also constructed from the perspectives of Hanfu’ s uniqueness and traditional culture, an index
system that includes product information, review information, traditional festivals, large offline events, dissemination
effects, styles, and designs for online Hanfu sales is established. Finally, based on the monthly sales data characteristics
displayed on the Taobao platform, a binary classification is established between low sales ( monthly sales less than 100) and
high sales Hanfu ( monthly sales greater than or equal to 100). The SVM-double-weighted RKNN model is used, which
applies the double-weighted RKNN model to perform secondary classification on the points near the separating hyperplane of
the SVM model, effectively addressing the issue of misclassification of points near the separating hyperplane in the support
vector machine model. On this basis, a more detailed classification of high-sales Hanfu is performed. An improvement is
proposed for the binary classification model to make it more suitable for multi-class classification problems based on the data
characteristics of multi-classification issues. The innovations of this article are primarily reflected in the following two
aspects. First, in today’ s context where Hanfu is gradually coming into people’ s view, this article focuses on the prediction
of online Hanfu sales, starting from the cultural attributes of Hanfu, quantifying cultural attributes from the unique
characteristics of Hanfu and traditional culture, and constructing a relatively complete indicator system that influences online
Hanfu sales. Second, when studying the classification problem of online Hanfu sales, this article proposes the SVM-double-
weighted RKNN model, which uses a double weighted inverse k-nearest neighbors model to perform secondary classification
on points near the separating hyperplane of the support vector machine model, enhancing the classification accuracy. The
classification results demonstrate that the proposed model achieves accuracies of 0. 883 0 and 0. 777 8 for the binary and
ternary classification tasks, respectively, indicating robust performance. This model can assist original Hanfu brands in
predicting monthly sales, optimizing production and inventory planning, and timely adjusting marketing strategies.

This study fully demonstrates that the monthly sales of Hanfu are closely related to its cultural attributes. A set of
indicators that includes cultural attributes can better predict the monthly sales of Hanfu. In future research, further studies
could focus on the specific numerical data of low-sales Hanfu by establishing a numerical prediction model. This would
enable more accurate sales forecasts and provide more precise predictions of monthly Hanfu sales, so as to assist stores in
achieving better and more sustainable development.

Key words: Hanfu; sales classification; influencing factors; evaluation index system; SVM; double-weighted RkKNN
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