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optimization problems with cardinality constraints
LAI Shiyu, LUO Hezhi
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Abstract: A successive convex optimization algorithm based on a nonlinear DC (difference of two
convex functions) approximation function is proposed for convex optimization problems with cardinality
constraints. It is proved that the proposed algorithm converges to the KKT (Karush-Kuhn-Tucker) point
of the DC approximation problem. Numerical results show that the successive convex optimization
algorithm based on the DC approximation function can effectively find sparse solutions to convex
optimization problems with cardinality constraints, and the quality of the obtained solutions is better than
that of the existing algorithms.
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