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Overview on vision-based dynamic gesture recognition
TIAN Qiuhong .YANG Huimin ,LIANG Qinglong , BAO Jiaxin
(School of Informatics Science and Technology, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: Vision-based dynamic gesture recognition is widely used in the field of human-computer
interaction, and its development has important research significance for achieving natural human-computer
interaction. This paper introduces and analyzes the current common gesture interaction system. By
collating domestic and foreign relevant literatures in recent years, this paper summarizes the general
process of vision-based dynamic gesture recognition, including detection and segmentation, tracking,
feature extraction and classification. The methods, advantages and disadvantages involved in each process.
The challenges and possible future research directions on visionObased dynamic gesture recognition are
discussed, which can provide a reference for the further research in this field.
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