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Prediction of anticancer drug sensitivity based on matrix completion algorithm
XU Hui, HE Ping’an
(School of sciences, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: The similarity information of cancer cell lines and the similarity information of anticancer
drugs were incorporated into the existing matrix completion model. A low rank matrix completion model
was proposed to predict the missing data of susceptibility to anticancer drugs due to the influence of
experimental conditions and other factors. The model was applied to the data of anticancer drug sensitivity
with missing values in CGP database. The parameters of the new model were trained by the existing data.
The optimal parameters obtained by training were adopted to predict the data in the CGP database so as to
gain the optimal approximate value. The results show that, compared to other models, the model can
effectively improve the filling effect of missing data.

Key words: low rank matrix completion; cancer cell line; anticancer drug sensitivity; similarity;

anticancer drug; prediction
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