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Short text sentiment classification:

Based on the word vector and emotional ontology
WANG Zhengcheng , L1 Dandan
(School of Economics and Management, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: At present, two ways are mainly adopted for short text sentiment classification: statistical
Natural Language Processing and emotional semantic characteristics, while the researches on the
combination of the two methods is few. Thus, this paper will design a classification method that is based
on the combination of word vector and emotional ontology is designed in this paper. Firstly, the word
vector was trained by Word2Vec model and short text vector was synthesized by adding average method.
On this basis, short text expression model which integrates word vector and emotional ontology was
constructed by combining emotional value of each short text. Eventually, short text sentiment
classification was completed by using KNN algorithm. Compared with the traditional classification
methods which are based on the word vector, emotional ontology, or some other single technical route, the
classification method combining word vector and emotional ontology gets an obvious improvement on
precision, recall rate and F1 value.

Key words: short text sentiment classification; word vector; emotional ontology
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