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Analysis on the Features of Recidivism Based on Association Rules
FENG Zhuohui » FENG Qianjin
(Department of Information Management, Zhejiang Police Vocational

Academy, Hangzhou 310018, China)

Abstract: In order to improve the quality of education reform of criminals effectively, data mining
based on association rules was utilized to explore the features of recidivism. Johnson reduction algorithm
and Apriori algorithm were applied to analyze partial sample data of released prisoners in the criminal
database of a prison. The analysis results show that the charge, age and cultural degree are positively
related to the term of penalty. In other words, criminal record of larceny, younger age, low cultural
degree and short term of penalty are main features of recidivism. The method of this article can reveal the
potential recidivist. Therefore it has reference value for penalty organs and is one of useful tools to improve
the quality of correction in prison.
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