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Grass Obstacle Recognition Algorithm Based on SIFT-SUSAN Fusion
XING Ming, LIU Yu, REN Jia, ZHANG Sien, HU Xuan
(Faculty of Mechanical Engineering & Automation, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: SIFT (SCALE Invariant Feature Transform), which is a kind of machine vision algorithm
with good invariance in image rotation, zoom and affine transformation, is widely used in image matching
and recognition. However, there are problems of high mismatching rate and slow arithmetic speed in
identification of grass obstacles by using SIFT algorithm, In ordering to solve such problems, a SIFT -
SUSAN fusion algorithm is put forward. The fusion algorithm introduces the SUSAN operator to detect
and extract the characteristic edge-corners of obstacles; fusion calculation is carried out by using the
characteristic edge-corner points extracted with SUSAN and characteristic points extracted with SIFT;
then, feature matching is conducted after downsizing and filtration of characteristic points extracted with
SIFT. Experimental results verify the validity and the feasibility of the algorithm in this paper. This
algorithm enhances the accuracy rate in matching and recognition speed; besides, it also has a high
robustness.

Key words: feature extraction; SIFT; SUSAN operator;image matching
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