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Detection of Abnormal Travel Behavior for the Old Based
on Hidden Markov Model

LIU Xiang , ZOU Ting-ting, LI Ren-wang , WANG Ya-pei
(School of Mechanical Engineering &. Automation, Zhejiang Sci-Tech University,
Hangzhou 310018, China)

Abstract: This paper puts forward travel behavior detection method based on HMM model in allusion

to abnormal travel behavior for the old. This paper improves hidden state determination method and sets

up daily behavior mode of the old with coordinate points of travel track. Then, a discriminant analysis is

proposed to find out stage series corresponding to detection track, calculate output probability of this track

series and judge whether there is abnormal behavior through comparing with the threshold value. The

experiment proves this method has high accuracy in detecting abnormal behavior of the old.
Key words: elderly; behavior detection; cluster analysis; HMM; DBSCAN
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