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A Novel Quantum Evolutionary Algorithm for Job-shop Scheduling
ZHANG Jian-ming
(School of Sciences, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: For job-shop scheduling, this paper proposes jumping gene quantum evolutionary algorithm

(JGQEA) with the optimization objective of minimizing the makespan. This algorithm introduces jumping

gene operator based on quantum evolutionary algorithm, and applies dynamic adjusting quantum rotation

angle strategy to improve search capability of the algorithm. The effectiveness of the algorithm is verified

by simulation experiment, and results show that JGQEA is superior to QEA and several other evolutionary

algorithm,

Key words: job-shop scheduling; converting mechanism; quantum evolution; rotation angle; jumping

operator
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