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An Improved Method of Pagerank Algorithm Based on

Cloud Computing Environment
LI Hui, ZHANG Hua-xiong
(School of Informatics, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: It is urgent to solve the problem of how to obtain the information of web quickly for the

technology of web structure mining. This paper applies cloud computing environment to web structure

mining, making use of the characteristic of distributed computing based on cloud computing to cut down

the runtime remarkably. Aiming at the iterative method for capacity computing of PageRank Algorithm,

this paper brings about the concept of confidence level, according to the different attention point, through

setting the confidence level of page flexibly, prunning the matrix to improve the effectiveness of algorithm.

Finally, the experimental result proves to be effective.

Key words: structure mining; cloud computing; PageRank; matrix prunning; confidence level
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