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Abstract: Pedestrian detection methods based on computer vision can effectively improve the efficiency
of pedestrian detection, and have been widely used in smart cities, assisted driving and other scenes. In
this paper, the methods of image segmentation, feature extraction, machine learning, classification and
location involved in pedestrian detection are summarized, and the main ideas, applicability and limitations
of each method are summarized. At the same time, the evaluation index of pedestrian detection algorithm
is introduced, and the algorithm performance is analyzed. Finally, the research progress of pedestrian
detection methods is summarized, and the future development direction is prospected. As an important
technology in object detection, computer vision still needs to be developed in the field of pedestrian

detection. The improvement of algorithm structure, classifier optimization, and pedestrian detection in
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complex scenes are the focus of future research.

Key words: computer vision; pedestrian detection; image segmentation; feature extraction; machine

learning; classification and position
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