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Consumer focus intelligence analysis based on

clothing online shopping comments
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Abstract: In order to effectively guide the production and operation decision-making of clothing
enterprises, clothing online shopping comments were selected as data samples and research objects.
Besides, consumer focus intelligence analysis based on clothing online shopping comments was proposed to
explore consumer focus on clothing. After web crawler technology was applied to collect data on clothing
online shopping; comments and preprocess them, SnowNLP technology was employed to classify emotion
tendencies. During keyword extraction, there was a problem of misclassification of professional vocabulary
in the process of word segmentation. Hence, the word segmentation dictionary and out-of-use dictionary in
the clothing field were introduced. Meanwhile, GooSeeker method and the manual adjustment method
were combined to further improve the accuracy of keyword extraction. After the keywords were extracted,
a common word matrix was established and clustered for social network analysis to obtain consumer focus
intelligence information. An empirical analysis was carried out for online shopping comments on silk
clothing to verify the effectiveness of this method. The results show that, the online shoppers of silk

clothing gave negative feedback on such hot keywords as fabric, color, size, and quality. In addition, the
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negative feedback information associated with these hot keywords and the interaction with other hot
keywords were obtained. For example, the negative feedback of fabrics was mainly related to the thinness,
wrinkles, shrinkage and the extended price of silk materials. At the same time, consumers who gave bad
comments on fabrics tended to pay more attention to size, logistics, price, change and return.

Key words: Clothing online shopping; comments; consumer focus; classification of emotions;

keyword extraction; social network analysis
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