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Clustering and spatial characteristics of Hangzhou

OZ20 life service industry
WANG Shiziong L1 Tianchen .1 Zebiao
(School of Economics and Management, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: The life service industry is an important part of urban space. Analysis of the spatial
distribution characteristics of life service industry is an important perspective to perceive the happiness
level of people’s production and life. Analyzing the spatial distribution characteristics of the life service
industry helps to reveal the spatial structure of the city and provide theoretical support for basic industries
affecting the urban operation like logistics. Using web crawler technology, we obtained 339884 pieces of
physical store data from Dianping in O20 life service website in Hangzhou, and identified 431 clusters
through multi-stage clustering algorithm. The analysis found that the aggregation effect of Hangzhou 020
life service is significant. At first, there is a" super centet' on the east side of West Lake, which spreads
out a number of small gathering points. Then the store aggregation and population density show a high
correlation, and permanent resident population has the most significant impact on the O20 life service
stores. And at last, the types of O20 life service stores in the old town with as aturated population and the
new area with high-speed development have great differences, indicating that the requirements for the
types of O20 life service are different at different stages of regional development.
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